
finetuned language models are zero-shot
learners
finetuned language models are zero-shot learners is a phrase capturing a transformative shift
in natural language processing. As artificial intelligence evolves, finetuned language models
demonstrate an impressive ability to perform tasks they were never explicitly trained on—a
phenomenon known as zero-shot learning. This article explores how finetuned models achieve zero-
shot capabilities, their underlying mechanisms, practical applications, benefits, and challenges.
Readers will discover why finetuned language models are redefining AI performance, the difference
between zero-shot, one-shot, and few-shot learning, and the implications for industries ranging from
healthcare to finance. With a keyword-rich approach, this article delivers authoritative and actionable
insights for professionals, researchers, and enthusiasts eager to understand the intersection of
finetuning and zero-shot learning in the AI landscape.
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Understanding Finetuned Language Models

Finetuned language models represent an advanced stage in the evolution of natural language
processing. Initially, large language models are trained on massive datasets with a general objective,
such as predicting the next word in a sentence. Finetuning involves taking these pre-trained models
and adapting them to specific tasks or domains by training on a smaller, task-specific dataset. This
process enhances the model's relevance and accuracy for particular use cases, such as medical
diagnostics, legal document analysis, or customer service chatbots.

Finetuned models leverage both their broad general knowledge and the specialized data they receive
during fine-tuning. This combination equips them with a deep understanding of language and context.
As a result, finetuned models are not only proficient in their targeted tasks but also exhibit flexibility
in handling related or even entirely new challenges. The emergence of zero-shot learning as a
capability within finetuned models is reshaping expectations for what language models can achieve.



What is Zero-Shot Learning?

Zero-shot learning is a paradigm in machine learning where a model performs a task without having
been explicitly trained on examples of that task. Instead of relying on direct experience, the model
leverages its generalization abilities and learned representations to infer the correct response. In the
context of language models, zero-shot learning means the model can generate answers, classify text,
or perform translations it has not seen during training.

Zero-Shot vs. One-Shot and Few-Shot Learning

Understanding the distinction between zero-shot, one-shot, and few-shot learning is crucial. In zero-
shot learning, the model handles tasks with no task-specific examples. One-shot learning provides a
single example, while few-shot learning offers a small number of examples to guide the model. These
approaches reflect increasing levels of task-specific information, with zero-shot learning demanding
the highest degree of generalization from the model.

Zero-shot: No task-specific examples provided.

One-shot: One example provided during inference.

Few-shot: Several examples provided during inference.

Finetuned language models that are zero-shot learners push the boundaries by performing at high
levels even without direct exposure to a task, showcasing their robust generalization.

How Finetuning Enables Zero-Shot Abilities

The process of finetuning enhances a language model’s zero-shot learning capabilities by exposing it
to diverse tasks, data structures, and instructions. Through continued learning on specialized
datasets, the model refines its understanding of nuanced instructions and context, making it adept at
interpreting and responding to new, unseen prompts.

Mechanisms Behind Zero-Shot Performance

Zero-shot abilities often emerge from:

Instruction-based training, where the model learns to follow prompts and instructions rather
than memorizing fixed responses.

Exposure to varied data formats and question types, broadening the model’s contextual
comprehension.

Meta-learning, where the model learns how to learn, enabling it to adapt quickly to novel tasks.



By leveraging these mechanisms, finetuned language models develop the flexibility to generalize
across tasks, becoming robust zero-shot learners.

Key Advantages of Zero-Shot Learners

The zero-shot learning capabilities of finetuned language models unlock numerous benefits for
artificial intelligence deployment and scalability. These advantages are crucial for businesses,
researchers, and developers seeking versatile AI solutions.

Major Benefits

Reduced Data Requirements: Organizations no longer need vast labeled datasets for every
new task, saving time and resources.

Rapid Adaptability: Models can be deployed for new applications almost instantly, without the
need for retraining.

Cost Efficiency: Lower training and data collection costs make AI accessible for a wider range
of use cases.

Scalability: Zero-shot learners can handle multiple tasks and domains, making them ideal for
broad deployment.

Continuous Learning Potential: As models are exposed to more tasks, their generalization
and adaptability improve over time.

These advantages position finetuned language models that are zero-shot learners as powerful tools in
the advancement of artificial intelligence.

Challenges and Limitations

Despite their promise, finetuned language models as zero-shot learners are not without challenges.
Understanding these limitations is vital for responsible and effective implementation.

Common Challenges

Performance Variability: Zero-shot performance can vary widely across tasks, with some
tasks showing subpar results.

Ambiguity in Instructions: Models may misinterpret unclear or poorly phrased prompts,
leading to inaccurate outputs.



Bias and Fairness: Finetuned models can still propagate biases present in their training data,
affecting zero-shot predictions.

Explainability: The reasoning behind zero-shot decisions can be opaque, complicating trust
and transparency.

Security Concerns: Models may be susceptible to adversarial attacks or misuse, especially in
zero-shot scenarios.

Ongoing research aims to mitigate these issues, enhancing the reliability and ethical use of finetuned
language models as zero-shot learners.

Real-World Applications

Finetuned language models with zero-shot learning abilities are reshaping a wide array of industries.
Their flexibility and generalization capabilities enable them to tackle complex challenges in areas
where traditional models would struggle.

Industry Use Cases

Healthcare: Assisting with clinical decision support, summarizing medical literature, and
generating patient reports without explicit training on each task.

Legal: Analyzing contracts, extracting entities, and automating legal research across multiple
domains.

Finance: Interpreting regulatory documents, generating financial summaries, and detecting
fraud patterns without task-specific data.

Customer Service: Powering chatbots that handle diverse queries, including those never
encountered before.

Education: Creating adaptive learning resources and answering student questions across
varied subjects.

These examples highlight the transformative potential of finetuned language models as zero-shot
learners, driving innovation and efficiency.

The Future of Language Models as Zero-Shot Learners

The trajectory of finetuned language models as zero-shot learners points toward even greater levels
of autonomy and intelligence. As research progresses, models are expected to handle increasingly



complex tasks, interact more naturally with humans, and demonstrate improved reasoning abilities.
Advances in prompt engineering, meta-learning, and ethical AI development will further expand the
boundaries of what zero-shot learners can achieve.

Organizations investing in these technologies will unlock smarter automation, faster adaptation to
market changes, and new competitive advantages. The ongoing evolution of finetuned language
models as zero-shot learners signals a new era in artificial intelligence, marked by versatility,
efficiency, and continual improvement.

Q: What does it mean when finetuned language models are
zero-shot learners?
A: It means these models can perform tasks they were not explicitly trained for. Thanks to broad pre-
training and targeted finetuning, they generalize knowledge to new, unseen tasks, demonstrating
zero-shot learning abilities.

Q: How is zero-shot learning different from few-shot learning
in language models?
A: Zero-shot learning involves tackling tasks without any specific examples, while few-shot learning
provides a handful of examples to guide the model. Zero-shot learning demands more generalization
and flexibility from the model.

Q: What are the key benefits of using zero-shot learners in
real-world applications?
A: Key benefits include reduced data requirements, faster deployment, cost savings, scalability across
multiple domains, and improved adaptability to new challenges without retraining the model.

Q: Which industries benefit most from finetuned language
models as zero-shot learners?
A: Healthcare, legal, finance, customer service, and education are among the leading industries
leveraging these models to automate complex tasks, analyze data, and improve decision-making.

Q: What challenges do zero-shot language models face?
A: Challenges include variable performance across different tasks, susceptibility to bias, issues with
explainability, ambiguity in prompt interpretation, and potential security vulnerabilities.

Q: How do instruction-based training and meta-learning



contribute to zero-shot capabilities?
A: Instruction-based training teaches models to follow prompts and understand intent, while meta-
learning helps them adapt quickly to new tasks, both contributing to strong zero-shot performance.

Q: Are zero-shot learners likely to replace task-specific
models?
A: While zero-shot learners offer great flexibility, task-specific models may still outperform them in
highly specialized or regulated tasks. However, zero-shot learners are increasingly favored for general
and dynamic applications.

Q: What is prompt engineering, and why is it important for
zero-shot learning?
A: Prompt engineering is the practice of designing effective prompts to elicit accurate responses from
language models. It is crucial for maximizing the performance of zero-shot learners on new tasks.

Q: Can zero-shot learning help reduce AI development costs?
A: Yes, zero-shot learning minimizes the need for large labeled datasets and repeated retraining,
leading to significant reductions in time, labor, and financial investment for AI projects.

Q: What advancements are expected in the future for
finetuned language models as zero-shot learners?
A: Future advancements include improved reasoning, more natural interactions, greater reliability,
and enhanced ethical safeguards, enabling language models to tackle increasingly complex and
sensitive tasks.

Finetuned Language Models Are Zero Shot Learners
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Unlocking the Power of Transfer Learning

Introduction:

The world of artificial intelligence is rapidly evolving, and language models are at the forefront of
this innovation. We've moved beyond simple keyword matching; today's models understand context,
nuance, and even exhibit a form of reasoning. This post delves into the fascinating capability of
finetuned language models to function as zero-shot learners. We'll explore what this means, how it's
achieved, and the implications for various applications, from natural language processing to
innovative problem-solving. Get ready to unravel the mysteries of how these sophisticated models
achieve impressive performance without explicit training on specific tasks.

What are Finetuned Language Models?

Before diving into zero-shot learning, let's clarify the foundation: finetuned language models. These
models, often based on powerful architectures like Transformers (think BERT, GPT-3, etc.), are
initially trained on massive datasets of text and code. This pre-training equips them with a broad
understanding of language, grammar, and various contextual relationships. However, this general
knowledge is then "finetuned" on a more specific dataset relevant to a particular task, like sentiment
analysis or question answering. This process refines the model's parameters, making it highly
proficient in the target area.

Understanding Zero-Shot Learning

Zero-shot learning (ZSL) represents a significant leap in machine learning. Unlike traditional
supervised learning, which requires labeled data for each task, ZSL enables models to perform tasks
they haven't been explicitly trained on. This is achieved by leveraging the knowledge gained during
pre-training and finetuning. Instead of providing specific examples for a new task, the model
receives a description or prompt outlining the task's requirements.

How Finetuned Models Achieve Zero-Shot Capabilities

The magic lies in the model's ability to transfer knowledge. The extensive pre-training provides a
rich semantic understanding of language. Finetuning enhances this understanding by specializing it
for certain domains. This combined knowledge allows the model to generalize to new, unseen tasks.
The model essentially "reasons" about the task based on its existing knowledge base and the
provided prompt, generating appropriate outputs. This is a form of generalization far beyond the
capabilities of simpler models.

Examples of Zero-Shot Learning with Finetuned Models

Consider a finetuned model trained on a vast corpus of customer reviews. While not explicitly
trained to identify product defects, it can perform zero-shot classification of new product reviews,
identifying those likely to mention defects based on its understanding of negative sentiment and
common defect descriptions. Similarly, a model finetuned for text summarization can tackle zero-
shot paraphrase generation, creating different versions of a given text based on its learned
understanding of sentence structure and meaning.



The Importance of Prompt Engineering

It's crucial to understand that effective zero-shot learning heavily relies on prompt engineering. The
way a task is described to the model significantly impacts its performance. Well-crafted prompts
clearly define the expected output format and provide sufficient context for the model to successfully
complete the task. Poorly designed prompts can lead to inaccurate or irrelevant results, highlighting
the importance of this often-overlooked aspect of ZSL.

Limitations and Challenges of Zero-Shot Learning

While promising, zero-shot learning isn't without limitations. The model's performance depends
significantly on the quality of the pre-training data and the finetuning process. Complex or nuanced
tasks might still require some form of adaptation or further fine-tuning for optimal results.
Furthermore, the "reasoning" capabilities of these models are not true reasoning in the human
sense; they are sophisticated pattern matching based on statistical probabilities learned from vast
datasets.

The Future of Finetuned Language Models as Zero-Shot Learners

The development and refinement of finetuned language models capable of zero-shot learning are
continuously pushing the boundaries of AI. As models become more powerful and datasets grow
larger, we can expect even more impressive zero-shot capabilities. This has profound implications
for numerous fields, automating tasks, accelerating research, and enhancing human-computer
interaction. The potential for efficient and adaptable AI systems is immense.

Conclusion:

Finetuned language models represent a remarkable advancement in AI, and their ability to function
as zero-shot learners is a testament to the power of transfer learning. By leveraging vast amounts of
pre-training data and intelligently designed prompts, these models demonstrate an impressive
capacity to generalize and perform tasks they haven't explicitly been trained for. While limitations
exist, ongoing research and advancements are paving the way for even more sophisticated and
widely applicable zero-shot learning capabilities in the future.

FAQs:

1. Are all finetuned language models zero-shot learners? Not necessarily. While many are capable of
some degree of zero-shot learning, the extent of their capabilities depends on the model's
architecture, the pre-training data, and the finetuning process.

2. How does zero-shot learning differ from few-shot learning? Few-shot learning requires a small
number of labeled examples for the new task, whereas zero-shot learning uses no labeled examples
at all.

3. What are the ethical considerations of zero-shot learning? As with any powerful AI technology,
ethical considerations are crucial. Bias in pre-training data can be amplified in zero-shot scenarios,
leading to unfair or discriminatory outcomes. Careful attention to data curation and model
evaluation is necessary.



4. What are some real-world applications of finetuned models as zero-shot learners? Applications
include automated customer service chatbots, content generation tools, medical diagnosis support,
and code generation.

5. How can I improve the performance of my finetuned model in zero-shot scenarios? Careful prompt
engineering is key. Experiment with different phrasing, provide more context, and consider using
few-shot examples if performance is unsatisfactory.

  finetuned language models are zero shot learners: Large Language Models Uday Kamath,
Kevin Keenan, Garrett Somers, Sarah Sorenson, 2024 Large Language Models (LLMs) have emerged
as a cornerstone technology, transforming how we interact with information and redefining the
boundaries of artificial intelligence. LLMs offer an unprecedented ability to understand, generate,
and interact with human language in an intuitive and insightful manner, leading to transformative
applications across domains like content creation, chatbots, search engines, and research tools.
While fascinating, the complex workings of LLMs -- their intricate architecture, underlying
algorithms, and ethical considerations -- require thorough exploration, creating a need for a
comprehensive book on this subject. This book provides an authoritative exploration of the design,
training, evolution, and application of LLMs. It begins with an overview of pre-trained language
models and Transformer architectures, laying the groundwork for understanding prompt-based
learning techniques. Next, it dives into methods for fine-tuning LLMs, integrating reinforcement
learning for value alignment, and the convergence of LLMs with computer vision, robotics, and
speech processing. The book strongly emphasizes practical applications, detailing real-world use
cases such as conversational chatbots, retrieval-augmented generation (RAG), and code generation.
These examples are carefully chosen to illustrate the diverse and impactful ways LLMs are being
applied in various industries and scenarios. Readers will gain insights into operationalizing and
deploying LLMs, from implementing modern tools and libraries to addressing challenges like bias
and ethical implications. The book also introduces the cutting-edge realm of multimodal LLMs that
can process audio, images, video, and robotic inputs. With hands-on tutorials for applying LLMs to
natural language tasks, this thorough guide equips readers with both theoretical knowledge and
practical skills for leveraging the full potential of large language models. This comprehensive
resource is appropriate for a wide audience: students, researchers and academics in AI or NLP,
practicing data scientists, and anyone looking to grasp the essence and intricacies of LLMs.
  finetuned language models are zero shot learners: Computer Vision – ECCV 2024 Aleš
Leonardis,
  finetuned language models are zero shot learners: Generative AI in Teaching and
Learning Hai-Jew, Shalin, 2023-12-05 Generative AI in Teaching and Learning delves into the
revolutionary field of generative artificial intelligence and its impact on education. This
comprehensive guide explores the multifaceted applications of generative AI in both formal and
informal learning environments, shedding light on the ethical considerations and immense
opportunities that arise from its implementation. From the early approaches of utilizing generative
AI in teaching to its integration into various facets of learning, this book offers a profound analysis of
its potential. Teachers, researchers, instructional designers, developers, data analysts,
programmers, and learners alike will find valuable insights into harnessing the power of generative
AI for educational purposes.
  finetuned language models are zero shot learners: Large Language Models in
Cybersecurity Andrei Kucharavy, 2024 This open access book provides cybersecurity practitioners
with the knowledge needed to understand the risks of the increased availability of powerful large
language models (LLMs) and how they can be mitigated. It attempts to outrun the malicious
attackers by anticipating what they could do. It also alerts LLM developers to understand their
work's risks for cybersecurity and provides them with tools to mitigate those risks. The book starts



in Part I with a general introduction to LLMs and their main application areas. Part II collects a
description of the most salient threats LLMs represent in cybersecurity, be they as tools for
cybercriminals or as novel attack surfaces if integrated into existing software. Part III focuses on
attempting to forecast the exposure and the development of technologies and science underpinning
LLMs, as well as macro levers available to regulators to further cybersecurity in the age of LLMs.
Eventually, in Part IV, mitigation techniques that should allowsafe and secure development and
deployment of LLMs are presented. The book concludes with two final chapters in Part V, one
speculating what a secure design and integration of LLMs from first principles would look like and
the other presenting a summary of the duality of LLMs in cyber-security. This book represents the
second in a series published by the Technology Monitoring (TM) team of the Cyber-Defence Campus.
The first book entitled Trends in Data Protection and Encryption Technologies appeared in 2023.
This book series provides technology and trend anticipation for government, industry, and academic
decision-makers as well as technical experts.
  finetuned language models are zero shot learners: Computer Vision – ECCV 2024 Aleš
Leonardis,
  finetuned language models are zero shot learners: Natural Language Processing and
Information Systems Amon Rapp,
  finetuned language models are zero shot learners: Drug Development Supported by
Informatics Hiroko Satoh,
  finetuned language models are zero shot learners: Intelligent Networked Things Lin
Zhang,
  finetuned language models are zero shot learners: Foundations of Intelligent Systems
Annalisa Appice,
  finetuned language models are zero shot learners: Generative AI Foundations in Python
Carlos Rodriguez, 2024-07-26 Begin your generative AI journey with Python as you explore large
language models, understand responsible generative AI practices, and apply your knowledge to
real-world applications through guided tutorials Key Features Gain expertise in prompt engineering,
LLM fine-tuning, and domain adaptation Use transformers-based LLMs and diffusion models to
implement AI applications Discover strategies to optimize model performance, address ethical
considerations, and build trust in AI systems Purchase of the print or Kindle book includes a free
PDF eBook Book DescriptionThe intricacies and breadth of generative AI (GenAI) and large language
models can sometimes eclipse their practical application. It is pivotal to understand the foundational
concepts needed to implement generative AI. This guide explains the core concepts behind
-of-the-art generative models by combining theory and hands-on application. Generative AI
Foundations in Python begins by laying a foundational understanding, presenting the fundamentals
of generative LLMs and their historical evolution, while also setting the stage for deeper exploration.
You’ll also understand how to apply generative LLMs in real-world applications. The book cuts
through the complexity and offers actionable guidance on deploying and fine-tuning pre-trained
language models with Python. Later, you’ll delve into topics such as task-specific fine-tuning, domain
adaptation, prompt engineering, quantitative evaluation, and responsible AI, focusing on how to
effectively and responsibly use generative LLMs. By the end of this book, you’ll be well-versed in
applying generative AI capabilities to real-world problems, confidently navigating its enormous
potential ethically and responsibly.What you will learn Discover the fundamentals of GenAI and its
foundations in NLP Dissect foundational generative architectures including GANs, transformers, and
diffusion models Find out how to fine-tune LLMs for specific NLP tasks Understand transfer learning
and fine-tuning to facilitate domain adaptation, including fields such as finance Explore prompt
engineering, including in-context learning, templatization, and rationalization through
chain-of-thought and RAG Implement responsible practices with generative LLMs to minimize bias,
toxicity, and other harmful outputs Who this book is for This book is for developers, data scientists,
and machine learning engineers embarking on projects driven by generative AI. A general
understanding of machine learning and deep learning, as well as some proficiency with Python, is



expected.
  finetuned language models are zero shot learners: Dive into Deep Learning Aston Zhang,
Zachary C. Lipton, Mu Li, Alexander J. Smola, 2023-12-07 An approachable text combining the depth
and quality of a textbook with the interactive multi-framework code of a hands-on tutorial.
  finetuned language models are zero shot learners: Engineering Applications of Neural
Networks Lazaros Iliadis,
  finetuned language models are zero shot learners: Natural Language Processing and
Information Systems Elisabeth Métais, Farid Meziane, Vijayan Sugumaran, Warren Manning,
Stephan Reiff-Marganiec, 2023-06-13 This book constitutes the refereed proceedings of the 28th
International Conference on Applications of Natural Language to Information Systems, NLDB 2023,
held in Derby, UK, in June 21–23, 2023 The 31 full papers and 14 short papers included in this book
were carefully reviewed and selected from 89 submissions. They focus on the developments of the
application of natural language to databases and information systems in the wider meaning of the
term.
  finetuned language models are zero shot learners: Advances in Information Retrieval Nazli
Goharian,
  finetuned language models are zero shot learners: Foundation Models for Natural
Language Processing Gerhard Paaß, Sven Giesselbach, 2023-05-23 This open access book
provides a comprehensive overview of the state of the art in research and applications of Foundation
Models and is intended for readers familiar with basic Natural Language Processing (NLP) concepts.
Over the recent years, a revolutionary new paradigm has been developed for training models for
NLP. These models are first pre-trained on large collections of text documents to acquire general
syntactic knowledge and semantic information. Then, they are fine-tuned for specific tasks, which
they can often solve with superhuman accuracy. When the models are large enough, they can be
instructed by prompts to solve new tasks without any fine-tuning. Moreover, they can be applied to a
wide range of different media and problem domains, ranging from image and video processing to
robot control learning. Because they provide a blueprint for solving many tasks in artificial
intelligence, they have been called Foundation Models. After a brief introduction to basic NLP
models the main pre-trained language models BERT, GPT and sequence-to-sequence transformer are
described, as well as the concepts of self-attention and context-sensitive embedding. Then, different
approaches to improving these models are discussed, such as expanding the pre-training criteria,
increasing the length of input texts, or including extra knowledge. An overview of the
best-performing models for about twenty application areas is then presented, e.g., question
answering, translation, story generation, dialog systems, generating images from text, etc. For each
application area, the strengths and weaknesses of current models are discussed, and an outlook on
further developments is given. In addition, links are provided to freely available program code. A
concluding chapter summarizes the economic opportunities, mitigation of risks, and potential
developments of AI.
  finetuned language models are zero shot learners: Natural Language Processing and
Chinese Computing Fei Liu, Nan Duan, Qingting Xu, Yu Hong, 2023-10-07 This three-volume set
constitutes the refereed proceedings of the 12th National CCF Conference on Natural Language
Processing and Chinese Computing, NLPCC 2023, held in Foshan, China, during October 12–15,
2023. The ____ regular papers included in these proceedings were carefully reviewed and selected
from 478 submissions. They were organized in topical sections as follows: dialogue systems;
fundamentals of NLP; information extraction and knowledge graph; machine learning for NLP;
machine translation and multilinguality; multimodality and explainability; NLP applications and text
mining; question answering; large language models; summarization and generation; student
workshop; and evaluation workshop.
  finetuned language models are zero shot learners: Intelligent Systems and Data
Science Nguyen Thai-Nghe,
  finetuned language models are zero shot learners: Representation Learning for Natural



Language Processing Zhiyuan Liu, Yankai Lin, Maosong Sun, 2023-08-23 This book provides an
overview of the recent advances in representation learning theory, algorithms, and applications for
natural language processing (NLP), ranging from word embeddings to pre-trained language models.
It is divided into four parts. Part I presents the representation learning techniques for multiple
language entries, including words, sentences and documents, as well as pre-training techniques.
Part II then introduces the related representation techniques to NLP, including graphs, cross-modal
entries, and robustness. Part III then introduces the representation techniques for the knowledge
that are closely related to NLP, including entity-based world knowledge, sememe-based linguistic
knowledge, legal domain knowledge and biomedical domain knowledge. Lastly, Part IV discusses the
remaining challenges and future research directions. The theories and algorithms of representation
learning presented can also benefit other related domains such as machine learning, social network
analysis, semantic Web, information retrieval, data mining and computational biology. This book is
intended for advanced undergraduate and graduate students, post-doctoral fellows, researchers,
lecturers, and industrial engineers, as well as anyone interested in representation learning and
natural language processing. As compared to the first edition, the second edition (1) provides a more
detailed introduction to representation learning in Chapter 1; (2) adds four new chapters to
introduce pre-trained language models, robust representation learning, legal knowledge
representation learning and biomedical knowledge representation learning; (3) updates recent
advances in representation learning in all chapters; and (4) corrects some errors in the first edition.
The new contents will be approximately 50%+ compared to the first edition. This is an open access
book.
  finetuned language models are zero shot learners: Applied Computer Sciences in
Engineering Juan Carlos Figueroa-García,
  finetuned language models are zero shot learners: Generalizing from Limited
Resources in the Open World Jinyang Guo, Yuqing Ma, Yifu Ding, Ruihao Gong, Xingyu Zheng,
Changyi He, Yantao Lu, Xianglong Liu, 2024 This book presents the Proceedings from the Second
International Workshop GLOW 2024 held in conjunction with the International Joint Conference on
Artificial Intelligence, IJCAI 2024, in Jeju Island, South Korea, in August 2024. The 11 full papers
and 4 short papers included in this book were carefully reviewed and selected from 22 submissions.
They were organized in topical sections as follows: efficient methods for low-resource hardware;
efficient fintuning with limited data; advancements in multimodal systems; recognition and
reasoning in the open world.
  finetuned language models are zero shot learners: The Semantic Web Albert Meroño
Peñuela,
  finetuned language models are zero shot learners: Advanced Information Systems
Engineering Giancarlo Guizzardi,
  finetuned language models are zero shot learners: New Frontiers in Artificial
Intelligence Toyotaro Suzumura,
  finetuned language models are zero shot learners: Artificial General Intelligence Patrick
Hammer, Marjan Alirezaie, Claes Strannegård, 2023-05-23 This book constitutes the refereed
proceedings of the 16th International Conference on Artificial General Intelligence, AGI 2023, held
in Stockholm, Sweden in June 2023. The 35 full papers and one short paper presented in this book
were carefully reviewed and selected from 72 submissions. The papers cover topics from foundations
of AGI, to AGI approaches and AGI ethics, to the roles of systems biology, goal generation, and
learning systems, and so much more.
  finetuned language models are zero shot learners: Computer Vision – ECCV 2022 Shai
Avidan, Gabriel Brostow, Moustapha Cissé, Giovanni Maria Farinella, Tal Hassner, 2022-10-28 The
39-volume set, comprising the LNCS books 13661 until 13699, constitutes the refereed proceedings
of the 17th European Conference on Computer Vision, ECCV 2022, held in Tel Aviv, Israel, during
October 23–27, 2022. The 1645 papers presented in these proceedings were carefully reviewed and
selected from a total of 5804 submissions. The papers deal with topics such as computer vision;



machine learning; deep neural networks; reinforcement learning; object recognition; image
classification; image processing; object detection; semantic segmentation; human pose estimation;
3d reconstruction; stereo vision; computational photography; neural networks; image coding; image
reconstruction; object recognition; motion estimation.
  finetuned language models are zero shot learners: The Semantic Web – ISWC 2023
Terry R. Payne, Valentina Presutti, Guilin Qi, María Poveda-Villalón, Giorgos Stoilos, Laura Hollink,
Zoi Kaoudi, Gong Cheng, Juanzi Li, 2023-11-01 This book constitutes the proceedings of the 22nd
International Semantic Web Conference, ISWC 2023, which took place in October 2023 in Athens,
Greece. The 58 full papers presented in this double volume were thoroughly reviewed and selected
from 248 submissions. Many submissions focused on the use of reasoning and query answering,
witha number addressing engineering, maintenance, and alignment tasks for ontologies. Likewise,
there has been a healthy batch of submissions on search, query, integration, and the analysis of
knowledge. Finally, following the growing interest in neuro-symbolic approaches, there has been a
rise in the number of studies that focus on the use of Large Language Models and Deep Learning
techniques such as Graph Neural Networks.
  finetuned language models are zero shot learners: Artificial General Intelligence Julian
Togelius, 2024-09-24 How to make AI capable of general intelligence, and what such technology
would mean for society. Artificial intelligence surrounds us. More and more of the systems and
services you interact with every day are based on AI technology. Although some very recent AI
systems are generalists to a degree, most AI is narrowly specific; that is, it can only do a single
thing, in a single context. For example, your spellchecker can’t do mathematics, and the world's best
chess-playing program can’t play Tetris. Human intelligence is different. We can solve a variety of
tasks, including those we have not seen before. In Artificial General Intelligence, Julian Togelius
explores technical approaches to developing more general artificial intelligence and asks what
general AI would mean for human civilization. Togelius starts by giving examples of narrow AI that
have superhuman performance in some way. Interestingly, there have been AI systems that are
superhuman in some sense for more than half a century. He then discusses what it would mean to
have general intelligence, by looking at definitions from psychology, ethology, and computer science.
Next, he explores the two main families of technical approaches to developing more general artificial
intelligence: foundation models through self-supervised learning, and open-ended learning in virtual
environments. The final chapters of the book investigate potential artificial general intelligence
beyond the strictly technical aspects. The questions discussed here investigate whether such general
AI would be conscious, whether it would pose a risk to humanity, and how it might alter society.
  finetuned language models are zero shot learners: Health Information Processing.
Evaluation Track Papers Hua Xu,
  finetuned language models are zero shot learners: Analysis of Images, Social Networks
and Texts Dmitry I. Ignatov,
  finetuned language models are zero shot learners: Detection of Intrusions and Malware,
and Vulnerability Assessment Federico Maggi,
  finetuned language models are zero shot learners: Disinformation in Open Online Media
Mike Preuss,
  finetuned language models are zero shot learners: Computer Security – ESORICS 2024
Joaquin Garcia-Alfaro,
  finetuned language models are zero shot learners: Advances in Knowledge Discovery and
Data Mining Hisashi Kashima, Tsuyoshi Ide, Wen-Chih Peng, 2023-05-29 The 4-volume set LNAI
13935 - 13938 constitutes the proceedings of the 27th Pacific-Asia Conference on Knowledge
Discovery and Data Mining, PAKDD 2023, which took place in Osaka, Japan during May 25–28,
2023. The 143 papers presented in these proceedings were carefully reviewed and selected from
813 submissions. They deal with new ideas, original research results, and practical development
experiences from all KDD related areas, including data mining, data warehousing, machine learning,
artificial intelligence, databases, statistics, knowledge engineering, big data technologies, and



foundations.
  finetuned language models are zero shot learners: Knowledge Graph and Semantic
Computing: Knowledge Graph Empowers Artificial General Intelligence Haofen Wang,
Xianpei Han, Ming Liu, Gong Cheng, Yongbin Liu, Ningyu Zhang, 2023-11-28 This book constitutes
the refereed proceedings of the 8th China Conference on Knowledge Graph and Semantic
Computing: Knowledge Graph Empowers Artificial General Intelligence, CCKS 2023, held in
Shenyang, China, during August 24–27, 2023. The 28 full papers included in this book were carefully
reviewed and selected from 106 submissions. They were organized in topical sections as follows:
knowledge representation and knowledge graph reasoning; knowledge acquisition and knowledge
base construction; knowledge integration and knowledge graph management; natural language
understanding and semantic computing; knowledge graph applications; knowledge graph open
resources; and evaluations.
  finetuned language models are zero shot learners: Machine Learning and Knowledge
Discovery in Databases. Research Track Albert Bifet,
  finetuned language models are zero shot learners: AI and Chatbots in FinTech Gioia
Arnone,
  finetuned language models are zero shot learners: Artificial Neural Networks and Machine
Learning – ICANN 2024 Michael Wand,
  finetuned language models are zero shot learners: Knowledge Science, Engineering and
Management Cungeng Cao,
  finetuned language models are zero shot learners: ECAI 2023 K. Gal, A. Nowé, G.J. Nalepa,
2023-10-18 Artificial intelligence, or AI, now affects the day-to-day life of almost everyone on the
planet, and continues to be a perennial hot topic in the news. This book presents the proceedings of
ECAI 2023, the 26th European Conference on Artificial Intelligence, and of PAIS 2023, the 12th
Conference on Prestigious Applications of Intelligent Systems, held from 30 September to 4 October
2023 and on 3 October 2023 respectively in Kraków, Poland. Since 1974, ECAI has been the premier
venue for presenting AI research in Europe, and this annual conference has become the place for
researchers and practitioners of AI to discuss the latest trends and challenges in all subfields of AI,
and to demonstrate innovative applications and uses of advanced AI technology. ECAI 2023 received
1896 submissions – a record number – of which 1691 were retained for review, ultimately resulting
in an acceptance rate of 23%. The 390 papers included here, cover topics including machine
learning, natural language processing, multi agent systems, and vision and knowledge
representation and reasoning. PAIS 2023 received 17 submissions, of which 10 were accepted after
a rigorous review process. Those 10 papers cover topics ranging from fostering better working
environments, behavior modeling and citizen science to large language models and neuro-symbolic
applications, and are also included here. Presenting a comprehensive overview of current research
and developments in AI, the book will be of interest to all those working in the field.
  finetuned language models are zero shot learners: Computational Processing of the
Portuguese Language Vládia Pinheiro, Pablo Gamallo, Raquel Amaro, Carolina Scarton, Fernando
Batista, Diego Silva, Catarina Magro, Hugo Pinto, 2022-03-17 This book constitutes the proceedings
of the 15th International Conference on Computational Processing of the Portuguese Language,
PROPOR 2021, held in Fortaleza, Brazil, in March 2021. The 36 full papers presented together with
4 short papers were carefully reviewed and selected from 88 submissions. They are grouped in
topical sections on speech processing; resources and evaluation; natural language processing
applications; semantics; natural language processing tasks; and multilinguality.
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